Overview

CAP & : Evaluation of Persuasive and Creative Image Generation
Aysan Aghazadeh, Adriana Kovashka

Alignment of Image and Message (AIM)

Department of Computer Science - University of Pittsburgh

I should treat disabled people better Because they are
people too

I should see disabled people as normal Because it is not
good to discriminate

I should be against bullying Because it's wrong to bully
I should go to the anti-bullying campaign Because I can
help stop bullying

SEE THE PERSON, ‘
NOT THE DISABILIITY.
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I should not buy Gucci products Because they kill animals
to make their products
I should not buy Gucci Because they use fur
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